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Perceptual Triangle (Domain level)
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Factors Influencing Uncertainty
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F1: Conceptual Uncertainty
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F1: Conceptual Uncertainty
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F2: Development Scenario Coverage




F3: Scene Uncertainty
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F3: Scene Uncertainty
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F4: Sensor Properties
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F4: Sensor Properties
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F5: Label Uncertainty
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F6: Model Uncertainty
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F7: Operational Domain Uncertainty
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Factors Influencing Uncertainty
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Conclusion and Next Steps

1. Perceptual uncertainty is a key performance
measure in safety requirements

2. Introduced perceptual triangle and identified
seven influence factors for perceptual
uncertainty when using supervised ML

3. Future: methods to control the influence
factors and use them in safety arguments
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